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The Applzccztzon of Dry Day P obabzlzty on the
Scheduling of Rice Combme Opemtzon
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The scheduling of- tainfall sensitive oﬁtdbor acfiiiities is
necessary for assigned task by a predetermined completion date.
For example, the delaying of field works results in unfavorable
growth conditions to crops in agriculture. Particularly, in a
mechanized farm, the occurrence of rainfall greater than some
specified levels hecomes of vital concern because the losses of
working time relate directly with losses of profit.

To estimate the workday of rice combine, a day was deflned
as a complete workday when its daily rdinfall was less than 0.1
mm. The workday sequence of Taiﬁ:»hung ‘and Tainan was fitted
by the first order Markov chain model, then Monte Carlo method
was applied to simulate the occurence of workday.
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