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ABSTRACT

Accurate forecasting for tidal-level variation is of great importance for construction
installations or human activities in maritime areas. This paper reports an application of the
artificial neural network associated with the harmonic equation to forecast the long-term tide
level. The tidal level could be predicted conventionally by the harmonic analysis based on the
least square method. Geod resolution in the conventional methods demands a sufficiently long
records to ascertain the parameters of the major constituents. Alternatively, the present model
can determine the harmonic parameters using a short-term observed tidal records based on a
learning process. Field data of three types of tides, referred as the diurnal, semidiurnal and
mixed types, are used to test the performance of the present model. The results show that the
major constituents can be obtained only using a two-months measured data. The results also
present that one-year tidal level forecasting can be satisfactorily achieved using a half-month
length of observed data.
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2. R (correlation coefficient, C.C.)
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